Stator: Higher-order expression dependencies finely resolve
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o = Stator differentiates cells by primary (cell type), secondary (sub-type) and tertiary (cell state, activity, cell

cycle phase, or maturity) markers.

. Stator successfully distinguished striatal medium spiny Neurons (MSN) : Zt;\;c;r_Zeeﬁlué’fps;t;:;/otnhzg?aweaIth of biological information can be inferred from the higher-order statistics of
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